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1. Exponential Smoothing Model (ESM)

2.Autoregressive Integrated Moving Average model (ARIMA)
3. Nonlinear autoregressive (NAR) neural network

4. Long time series

5. Chaos Theory

6. Efficient Markets Hypothesis (EMH)

7. Random Walk
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1. Ranks and Signs based variance ratio tests
2. Exponential fashion
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1. Run Chart

2. Component Analysis

3. Double (Holt’s) exponential smoothing
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5. Level
6. Fitted value
7. Integrated
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1. Dynamic neural network
2.Universal approximators

3. Non-linear Autoregressive (NAR)
4. Map

5. Feedforward

6. Tan-sigmoid transfer function, {tansig(n) = tanh(n) =
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8. One step ahead
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1. Levenberg-Marquardt (LM)
2. Bayesian regulation backpropagation
3. Neural Network Time Series Tool
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. Mutation
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1. Realized Directions
2. In-sample period

3. Out-sample period
4. Robustness

5. Forecasting

6. Forecasting origin
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7. Rolling origin
8. Tehran Exchange Price Index (TEPIX)
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