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Abstract

With the raFid growth of financial data in publicly listed companies, selecting an
accurate and efficient method for analysis and clustering has become increasingly
important. This study evaluates the financial performance of companies listed on the
Teﬁran Stock Exchange (TSE) and clusters them using two methods: K-Means and
K-Medoids. Key financial ratios—return on assets, return on equity, gross profit
margin, debt-to-equity ratio, and price-to-book ratio—were analyzed for the period
2014-2024. The K-Means algorithm demonstrated faster clustering due to its
efficiency with large datasets, W}%ereas K-Medoids, being more robust to outliers and
noise, yielded more precise ou]pings. ANOVA results confirmed statistically
significant differences among the clusters based on the selected financial indicators.
Overall, K-Medoids provided more balanced and accurate classifications, while K-
Means proved more suitable for simpler, high-volume datasets. These findings offer
practical insights for investors and financial analysts to make better strategic decisions
aligned with their risk tolerance and expected returns.
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